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Abstract
During the COVID-19 pandemic, several drugs were developed, 

including steroids, antiviral drugs, anti-inflammatory drugs, and 
monoclonal antibodies, which have shown potential in preventing 
severe COVID-19. Notably, monoclonal antibodies were targeted for 
mild to moderate cases, while anti-inflammatory drugs and antiviral 
drugs were intended for severe cases. Analysing drug effectiveness 
using medical claim data, especially with propensity score matching, 
becomes challenging due to this drug-specific treatment assignment. 
This could lead to biased results and hinder accurate evaluation of 
drug effects. To assess drug effectiveness, we employed an estimated 
model of drug choice using observational data from Japan. The study 
population comprised 21,727 hospitalized COVID-19 patients in 
hospitals under the National Hospital Organization (NHO), divided into 
three age groups: all ages (21,727 patients), ≥ 65 years old (8,734), 
and < 65 years old (12,993). By applying an average treatment effect 
model with multiple drug choices, we analysed the database to evaluate 
the simultaneous effect of provided drugs. The explanatory variables 
included demographic characteristics, underlying diseases, provided 
drugs, proportion of variants, and vaccine coverage. The first logistic 
regression analysed drug choice, and the secondary logistic regression 
estimated the average treatment effect for the outcome of death during 
hospitalization. The results indicated a higher probability of survival 
with monoclonal antibodies in older patients receiving oxygen therapy 
significantly (-0.094 in three choice model, -0.091 in four choice model), 
while other drugs did not show significant survival benefits. The model 
highlighted the effectiveness of monoclonal antibodies for patients aged 
65 years or older in improving survival.

Keywords: COVID-19, Monoclonal antibody, Antiviral drug, Average 
treatment effect, Multiple choice.

Introduction
Severe acute respiratory syndrome coronavirus 2 (SARS-CoV-2) 

causes coronavirus disease 2019 (COVID-19). From January 2020, 
COVID-19 spread worldwide and caused a pandemic. Several drugs for 
other diseases such as rheumatoid arthritis were used to treat COVID-19. 
Some drugs were newly developed during the pandemic. The COVID-19 
mortality rate in Japan has declined because of various factors such as 
vaccination, mutated strains, and drugs [1].



www. innovationinfo. org

02ISSN: 2581-7310

Several drugs have been shown to be effective against 
COVID-19 in previous studies.  For example, antiviral drugs 
(remdesivir), steroids (dexamethasone), statins, anti-
inflammatory drugs (baricitinib and tocilizumab), protease 
inhibitors (nirmatrelvir, ritonavir), RNA-dependent RNA 
polymerase inhibitor (molnupiravir), and monoclonal 
antibodies (casirivimab/imdevimab and sotrovimab) are 
demonstrated to prevent severe COVID-19 and death due 
to COVID-19 [2-13]. However, changes in the outbreak 
situation such as the emergence of mutated strains, 
immunization, development of therapy could influence the 
drug’s effectiveness. Therefore, it is important to evaluate 
effectiveness of drugs constantly using observational 
data. Random assignment after drug approval to assess its 
effectiveness is difficult because of ethical reason. Moreover, 
patients who are more likely to develop severe illness have 
higher probability of being administered drugs generally. 

We evaluated the effectiveness of several drugs in our 
earlier studies [14,15]. However, these drugs were not always 
administered to patients with the same severity. For instance, 
monoclonal antibodies were administered to patients with 
less-severe symptoms, whereas dexamethasone, baricitinib, 
and tocilizumab were administered to patients with severe 
symptoms [16].

We strove to model the choice of drug because decision-
making about what drug was administered should not 
be independent of the type of drug. The drug choice was 
determined simultaneously over all available drugs. In 
this study, we estimated the average treatment effect with 
multiple drug choices for mortality using inverse probability 
weighted regression adjustment to consider the use of drug 
combinations or switching from one drug to another.

Materials and Methods
Data sources 

The National Hospital Organization (NHO) of Japan, a 
large organization of regional core hospitals accounting 
for about 3.4% of all beds in Japan, provides the Medical 
Information Analysis Databank (MIA), a database consisting 
of medical claims received from 60 representative NHO 
hospitals. It includes outpatients’ and hospitalized patients’ 
demographical characteristics, underlying diseases, medical 
interventions including oxygen therapy, administration of 
drugs, and outcomes such as discharge or death [17,18]. In 
this study, we used MIA sourced from hospitalized patients 
diagnosed as COVID-19 to verify drug effectiveness. We 
examined data on hospitalized patients encompassing 
variables such as age, gender, underlying diseases, date of 
hospitalization, date of discharge, date of death, provided 
drug, outcome and whether they received oxygen therapy 
and/or respiratory ventilation. The data on vaccination 
utilized in this study was sourced from publications released 
by the Cabinet Secretariat and prevalence data regarding 
mutated strains were obtained from a monitoring meeting 
in Tokyo as MIA includes no data related to patients’ 
vaccination history or the causative strain of disease [19,20]. 

This study included the period from January 2020 to 
March 2022, utilizing data collected and recorded as of May 

2022. The geographical scope of this study encompassed the 
entirety of Japan.

Subjects
The study population were all hospitalized patients 

diagnosed with COVID-19 between January 2020 and March 
2022. We extracted data on all hospitalized patients with 
COVID-19 from MIA. However, we excluded some patients 
who were still hospitalized at the end of the study period.

In the summer of 2021, some asymptomatic or mild 
patients who did not require oxygen therapy could not 
hospitalize due to lack of medical resources in Japan [21]. In 
other words, the criterion for hospitalization changed during 
the COVID-19 pandemic influenced by social condition. 
Therefore, we assumed that all patients requiring oxygen 
therapy could be admitted to the hospital throughout 
the COVID-19 pandemic, and we considered not only the 
inclusion of all subjects but also the limitation of patients 
with oxygen therapy to standardize hospitalization criterion.

Definitions of variables
Drugs were considered as antiviral drugs such as 

remdesivir, steroids such as dexamethasone, anti-
inflammatory drugs such as baricitinib and tocilizumab, and 
monoclonal antibodies such as sotrovimab and casirivimab/
imdevimab. Since the number of patients receiving 
monoclonal antibodies was insufficiently large, they were 
not divided according to the name of the drug as sotrovimab, 
casirivimab/imdevimab. We considered the overall effects 
of monoclonal antibodies.

To use a choice model with multiple logistic regression, we 
classified drugs of some types: drugs for severely ill patients 
including antiviral drug, a steroid, and anti-inflammatory 
drugs; and drugs for moderately ill patients as monoclonal 
antibodies [2,3,6-8,12,13,16]. By this classification, drugs of 
three types were defined as below three types.

• Monoclonal antibodies only (sotrovimab and 
casirivimab/imdevimab)

• Only drugs for severe patients (remdesivir, 
dexamethasone, baricitinib, and tocilizumab)

• No drug considered for this study

• However, because remdesivir was sometimes 
administered for both severe and moderate patients, we also 
examined drugs of four types.

• Monoclonal antibodies only (sotrovimab and 
casirivimab/imdevimab)

• Antiviral drug only (remdesivir)

• Other drugs only (dexamethasone, baricitinib, and 
tocilizumab)

• No drug considered for this study

• The demographical characteristic in our study was 
defined as age and gender. Underlying diseases examined 
included cancer (C00-C90 in ICD10), hypertension (I10), 
heart failure (I50), diabetes mellitus (E10), asthma (J45), 
and chronic obstructive pulmonary disease (J44). Vaccine 
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coverage data was defined as the proportion of patients who 
received the second dose of the vaccine two weeks’ prior, 
categorized into two age groups: < 65 years old and ≥ 65 
years old, which is because people aged ≥ 65 are considered 
elderly in Japan, and various statistics and laws often use this 
classification [19,22]. The prevalence of mutated strains was 
measured as a percentage one week before admission, and 
the Omicron variant encompassed sublineages starting from 
BA.1. However, for robustness assessment, we employed a 
wave variable instead of relying on the proportion of mutated 
strains. Throughout the study period, there were six distinct 
waves in the number of patients observed in Japan. The wave 
periods were defined based on the lowest patient count from 
the preceding wave to the lowest count in the current wave, 
utilizing national data [23]. The dominant variants observed 
during the fourth, fifth, and sixth waves were different from 
each other. The fourth wave, spanning from March 1, 2021, 
to June 20, 2021, was characterized by the dominance of the 
Alpha variant. In the fifth wave, which occurred from June 
21, 2021, to November 21, 2021, the Delta variant became 
prevalent. The sixth wave, caused by the Omicron variant, 
extended from November 22, 2021, until the end of the 
study period. We also defined the outcome as death during 
hospitalization.

Statistical analysis
Initially, we conducted multiple logistic regression 

analyses, employing explanatory variables such as 
demographical characteristics, underlying diseases, 
provided drugs, vaccine coverage, and prevalence of 
mutated strains, to estimate the drug choice in both the 
three-choice and four-choice models [24]. Subsequently, 
logistic regression was performed, weighting the fatality 

outcome by the inverse probability obtained in the first step. 
The same set of explanatory variables, along with a binary 
variable indicating the administration of the considered 
drugs, was used in this second step. We adopted 5% as the 
significance level and performed all statistical analyses using 
Stata Corp’s Stata SE 17.0 software.

Ethical considerations
Approval for this study was obtained from the Ethics 

Committee of Mie Hospital (Approval No. 2020-89). The 
utilization of MIA was permitted by NHO, with a registration 
number of 1201003.

Results
Figure 1 shows the number of hospitalized patients, 

hospitalized patients with oxygen therapy, hospitalized 
patients with respiratory ventilation who were diagnosed 
as COVID-19 in MIA during this study period. The maximum 
number of hospitalized patients was 653 (February, 2022), 
the maximum number of hospitalized patients with oxygen 
therapy was 279 (August 2021), and the maximum number 
of hospitalized patients with respiratory ventilation was 
46 (August, 2021).  Table 1 demonstrates demographic 
characteristics of the study population by medical 
intervention such as oxygen therapy and respiratory 
ventilation. Among all hospitalized patients, there were a 
total of 21,727 patients, with 7,180 (33.0%) requiring oxygen 
therapy and 995 (4.6%) requiring respiratory ventilation. 
The most prevalent underlying disease was diabetes mellitus 
in 3,241 (14.9%), followed by hypertension in 2,828 (13.0%). 
Among the prescribed medications, dexamethasone in 6,041 
(27.8%) was the most commonly prescribed, followed by 
remdesivir in 1,910 (8.8%) and baricitinib in 1,087 (5.0%). 

Figure 1: The number of hospitalized patients, hospitalized patients with oxygen therapy, hospitalized patients with respiratory ventilation who 
were diagnosed as COVID-19.
Notes: Black thick line and black thin line show the numbers of hospitalized patients and hospitalized patients with oxygen therapy (left scale). 
Gray line presents the number of hospitalized patients with respiratory ventilator (right scale). All these hospitalized patients were diagnosed as 
COVID-19 in Medical Information Analysis Databank. These data were aggregated by hospitalized week.
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Characteristics
All Ages ≥ 65 years old < 65 years old

n % n % n %

All inpatients n=21727 n=8734 n=12993

Age

Mean (SD) 54.3 (25.6) 79.4 (8.6) 37.4 (18.3)

Sex

Female 10083 46.4 4256 48.7 5827 44.8

Outcome

Death 1028 4.7 917 10.5 111 0.9

Underlying diseases

Cancer 1036 4.8 783 9.0 253 1.9

Hypertension 2820 13.0 2025 23.2 795 6.1

Diabetes mellitus 3241 14.9 1982 22.7 1259 9.7

Heart failure 825 3.8 672 7.7 143 1.1

Asthma 575 2.6 217 2.5 358 2.8

COPD 217 1.0 181 2.1 36 0.3

Drugs against COVID-19

Remdesivir 1910 8.8 1121 12.8 789 6.1

Dexamethasone 6041 27.8 2928 33.5 3113 24.0

Tocilizumab 562 2.6 274 3.1 288 2.2

Baricitinib 1087 5.0 378 4.3 709 5.5

Antibody cocktails 525 2.4 349 4.0 176 1.4

Patients with oxygen therapy n=7180 n=4240 n=2940

Age

Mean (SD) 67.3 (18.8) 80.2 (8.7) 48.5 (12.7)

Sex

Female 2822 39.3 1935 45.6 887 30.2

Outcome

Death 701 9.8 656 15.5 45 1.5

Underlying diseases

Cancer 501 7.0 418 9.9 83 2.8

Hypertension 1402 19.5 1044 24.6 358 12.2

  Diabetes mellitus 1716 23.9 1120 26.4 596 20.3

  Heart failure 493 6.9 427 10.1 5880 200.0

  Asthma 236 3.3 126 3.0 110 3.7

  COPD 142 2.0 120 2.8 22 0.7

Drugs against COVID-19
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  Remdesivir 1333 18.6 836 19.7 497 16.9

  Dexamethasone 4235 59.0 2265 53.4 1970 67.0

  Tocilizumab 380 5.3 188 4.4 192 6.5

  Baricitinib 962 13.4 334 7.9 628 21.4

  Antibody cocktails 127 1.8 99 2.3 28 1.0

Patients with respiratory ventilator n=995 n=617 n=378

Age

Mean (SD) 66.8 (14.3) 75.9 (7.0) 52.1 (10.4)

Sex

Female 281 28.2 207 33.5 74 19.6

Outcome

Death 311 31.3 249 40.4 62 16.4

Underlying diseases

Cancer 50 5.0 44 7.1 6 1.6

Hypertension 218 21.9 154 25.0 64 16.9

Diabetes mellitus 322 32.4 209 33.9 113 29.9

Heart failure 72 7.2 61 9.9 11 2.9

Asthma 31 3.1 20 3.2 11 2.9

COPD 21 2.1 16 2.6 5 1.3

Drugs against COVID-19

Remdesivir 162 16.3 113 18.3 49 13.0

Dexamethasone 540 54.3 333 54.0 207 54.8

Tocilizumab 130 13.1 65 10.5 65 17.2

Baricitinib 149 15.0 64 10.4 85 22.5

Antibody cocktails 9 0.9 8 1.3 1 0.3

Table 1: Characteristics of study population.
Abbreviation: SD: standard deviation, COPD: chronic obstructive pulmonary disease, COVID-19: coronavirus disease 2019.

Notably, antibody cocktails in 525 (2.4%) was the least 
frequently prescribed drug, particularly among patients 
requiring respiratory ventilation (9 patients, 0.9%). There 
were 8,734 (40.2%) patients 65 years old and older, and 
12,993 (59.8%) patients younger than 65 years old. Among 
the group aged 65 years old and older, the number of deaths 
(917 patients, 10.5%) was higher compared to the group 
younger than 65 years old (111 patients, 0.9%). In both age 
groups, hypertension (2,025 (23.2%) patients in ≥ 65 years 
old, 795 (6.1%) in <65 years old) and diabetes mellitus 
(1,982 (22.7%) patients in ≥ 65 years old, 1,259 (9.7%) in 
<65 years old) were the most prevalent underlying diseases, 
and the prescribed medications followed a similar trend to all 
age group. Supplementary tables present summaries of the 
estimation results of multinomial logit estimation obtained 
from the first step logistic regression with three and four 

choices model. Table 2 presents the estimation results of 
average treatment effects. Overall, in both the three-choice 
and four-choice models, many average treatment effects that 
were found to be significant have a positive sign, which means 
that the drugs showed lower survival probability compared 
to no administration of the considered drugs. Exceptional 
results were found for monoclonal antibodies for older 
hospitalized patients with oxygen therapy. In those patients, 
administration of the monoclonal antibodies was associated 
with higher survival probability than with no administration 
of the considered drugs. Among older patients with oxygen 
therapy, the utilization of other drugs such as remdesivir, 
dexamethasone, baricitinib, and tocilizumab demonstrated 
positive and significant both in the three-choice and four-
choice models.
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All age ≥ 65 years old < 65 years old

difference p value difference p value difference p value

Three Choice Model

All hospitalized patients

Difference between monoclonal antibody only vs. None 0.353 0.000 0.240 0.769 0.4134 0.561
Difference between drug other than monoclonal antibody 
vs. None 0.046 0.000 0.108 0.568 0.014 0.000

Mortality rate among patients with none 0.026 0.000 0.058 0.000 -0.006 0.000

Hospitalized patients with oxygen therapy

Difference between monoclonal antibody only vs. None N/A N/A -0.094 0.000 N/A N/A
Difference between drug other than monoclonal antibody 
vs. None N/A N/A 0.074 0.000 N/A N/A

Mortality rate among patients with none 0.070 0.000 0.113 0.000 N/A N/A

Four Choice Model

All hospitalized patients

Difference between monoclonal antibody only vs. None 0.390 0.000 N/A N/A N/A N/A

Difference between Remdesivir only vs. None 0.025 0.001 N/A N/A 0.006 0.000
Difference between drug other than monoclonal antibody 
or Remdesivir vs. None 0.040 0.000 N/A N/A 0.006 0.000

Mortality rate among patients with none 0.030 0.000 N/A N/A 0.004 0.000

Hospitalized patients with oxygen therapy

Difference between monoclonal antibody only vs. None 0.017 0.999 -0.091 0.000 N/A N/A

Difference between remdesivir only vs. none 0.034 0.059 0.057 0.054 N/A N/A
Drug other than monoclonal antibody or Remdesivir vs. 
None 0.037 0.000 0.060 0.000 N/A N/A

Mortality rate among patients with none 0.070 0.000 0.113 0.000 N/A N/A

Table 2: Estimation Results of Average Treatment for mortality.

Notes: Yellow denotes significance in difference. “N/A.” signifies not available. “drug other than monoclonal antibody” in a three-choice model included remdesivir, 
dexamethasone, baricitinib, and tocilizumab. “drug other than monoclonal antibody or remdesivir” in a four-choice model included dexamethasone, baricitinib, and 
tocilizumab.

Discussion
Patients in less-severe cases might not have been 

administered any of the considered drugs and had a higher 
probability of survival. Consequently, the likelihood of a 
positive average treatment effect of the drugs, which means 
that drugs did not contribute to survival, might be higher 
among all hospitalized patients than among hospitalized 
patients with oxygen therapy. Therefore, limitation of the 
subjects to hospitalized patients with an oxygen therapy 
control condition among all subjects might lead to derivation 
of more appropriate results indicating drug effectiveness. 
In this sense, we must mainly evaluate the obtained results 
among hospitalized patients who had oxygen therapy.

We evaluated lower to positive coefficients in 
monoclonal antibodies among all hospitalized patients or 
all older hospitalized patients in both of three-choice and 
four-choice models. The findings indicate that monoclonal 
antibodies for older hospitalized patients with oxygen 
therapy increased probability of survival. We were unable 
to ascertain whether other drugs, including remdesivir, 
dexamethasone, baricitinib, and tocilizumab, contributed 
to increase probability of survival. These results might be 
attributed to situations such as emerging mutated strains, 
immunization, or poor matching.

The findings indicate that monoclonal antibodies were 
effective, but other drugs were not found to be effective 

even when using other previous studies. For instance, 
to ascertain whether drug administration was effective, 
or not, simple logistic regression for fatality on dummy 
variables in addition to the explanatory variables was done, 
demonstrated similar results [25]. Moreover, studies using 
propensity score matching and an average treatment effect 
model produced the similar results [14,15]. Prior study 
showed that monoclonal antibodies reduced viral load 
[12]. Typically, monoclonal antibodies are administered to 
patients with mild COVID-19 before a significant increase 
in viral load occurs. Consequently, they may exhibit 
greater efficacy against COVID-19 when compared to drugs 
administered to patients with severe patients. Therefore, 
our finding from this study, that only monoclonal antibodies 
were effective for survival, was robust with respect to the 
estimation procedure. The previous study on casirivimab/
imdevimab showed a worse prognosis in patients receiving 
oxygen therapy, but the present study showed that 
monoclonal antibodies contributed to increase probability 
of survival for only patients with oxygen therapy, which was 
the opposite result of the clinical trial. This might because of 
not considering the order of drug administration and oxygen 
initiation.

There were several limitations in this study. First, the 
most recent data might change during a few months as MIA 
is based on medical claims. The data collection period for this 
study encompassed January 2020 to March 2022, with data 
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recorded as of May 2022. It should be recognized that if the 
study period were extended, which could lead to different 
estimation results. 

Second, this study was conducted using medical claim 
data, and it does not include vaccination history, causative 
strain of disease, the severity of underlying diseases or 
direct causes of death. The results could be different if 
this information were available. Third, we ignored data 
of hospitalized patients who received both monoclonal 
antibodies and some other drugs. If we were to introduce 
their data for analyses, then we would have to add one 
more choice to represent that both monoclonal antibodies 
and some other drugs were administered to a three-choice 
or four-choice model. Using such data for this study might 
make estimation much more difficult. Actually, very few 
hospitalized patients were treated with both drugs and 
therefore could not be identified adequately as one choice. 
Data accumulation by extension of the study period might 
resolve this difficulty. 

Fourth, we were unable to consider the order of drug 
initiation, oxygen therapy, or respiratory ventilation 
when evaluating drug effectiveness. If we had access to 
this information, we could differentiate between patients 
who initiated drug treatment before oxygen therapy 
or respiratory ventilation and those who initiated drug 
treatment after. This additional information would have 
facilitated a more careful assessment of drug effectiveness.

Finally, bed availability varied by period. It might have 
affected hospitalization rates due to COVID-19, but this 
study did not take that into account.

The findings of this study indicated that the administration 
of monoclonal antibodies to older hospitalized patients 
receiving oxygen therapy significantly increased the 
likelihood of survival and potentially contributed to life-
saving efforts in this and future pandemics. Conversely, 
other drugs such as remdesivir, dexamethasone, baricitinib, 
and tocilizumab might not have a substantial impact on 
life-saving interventions. It is important to obtain more 
comprehensive information, including examination results, 
to achieve better patient matching and draw definitive 
conclusions.

Data availability
The data used in this study were sourced from the 

National Hospital Organization and are not publicly 
accessible due to privacy concerns. However, the authors 
have been granted permission by the Ethics Committee and 
the National Hospital Organization to share this data.

Conflict of Interest
The author reports no conflicts of interest in this work.

Contributors
KT was responsible for organizing and coordinating the 

study. KT was the chief investigator, responsible for the 
data setting. SM and KT developed the estimation model. All 
authors contributed to composition of the final manuscript.

Acknowledgements
We would like to express our gratitude to Mr. Masaya 

Nakadera and Mr. Masato Koizumi for their invaluable 
contribution in preparing the database, as well as to all 
participating hospitals for their cooperation in submitting 
patient data.

Funding
This study received support from the Ministry of Health, 

Labour, and Welfare [grant number 20HA1005].

References
1. Miyashita K, Hozumi H, Furuhashi K, Nakatani E, Inoue Y, et al. (2023) 

Changes in the characteristics and outcomes of COVID-19 patients 
from the early pandemic to the delta variant epidemic: a nationwide 
population-based study. Emerg Microbes Infect 12: 2155250. 

2. Mozaffari E, Chandak A, Zhang Z, Liang S, Thrun M, et al. (2022) 
Remdesivir Treatment in Hospitalized Patients with Coronavirus 
Disease 2019 (COVID-19): A Comparative Analysis of In-hospital All-
cause Mortality in a Large Multicenter Observational Cohort. Clin Infect 
Dis 75: e450-e458. 

3. RECOVERY Collaborative Group, Horby P, Lim WS, Emberson JR, 
Mafham M, et al. (2021) Dexamethasone in Hospitalized Patients with 
Covid-19. N Engl J Med 384: 693-704. 

4. Umakanthan S, Senthil S, John S, Madhavan MK, Das J, et al. (2022) The 
Effect of Statins on Clinical Outcome Among Hospitalized Patients With 
COVID-19: A Multi-Centric Cohort Study. Front Pharmacol 13: 742273. 

5. Bergqvist R, Ahlqvist VH, Lundberg M, Hergens MP, Sundström J, et 
al. (2021) HMG-CoA reductase inhibitors and COVID-19 mortality 
in Stockholm, Sweden: A registry-based cohort study. PLoS Med 18: 
e1003820. 

6. Marconi VC, Ramanan AV, de Bono S, Kartman CE, Krishnan V, et al. 
(2021) Efficacy and safety of baricitinib for the treatment of hospitalised 
adults with COVID-19 (COV-BARRIER): a randomised, double-blind, 
parallel-group, placebo-controlled phase 3 trial. Lancet Respir Med 9: 
1407-1418.

7. Salama C, Han J, Yau L, Reiss WG, Kramer B, et al. (2021) Tocilizumab 
in Patients Hospitalized with Covid-19 Pneumonia. N Engl J Med 384: 
20-30. 

8. REMAP-CAP Investigators, Gordon AC, Mouncey PR, Rowan KM, Nichol 
AD, et al. (2021) Interleukin-6 Receptor Antagonists in Critically Ill 
Patients with Covid-19. N Engl J Med 384: 1491-1502. doi:10.1056/
NEJMoa2100433

9. Wong CKH, Au ICH, Lau KTK, Lau EHY, Cowling BJ, et al. (2022) Real-
world effectiveness of molnupiravir and nirmatrelvir plus ritonavir 
against mortality, hospitalisation, and in-hospital outcomes among 
community-dwelling, ambulatory patients with confirmed SARS-CoV-2 
infection during the omicron wave in Hong Kong: an observational 
study. Lancet 400: 1213-1222. 

10. Hammond J, Leister-Tebbe H, Gardner A, Abreu P, Bao W, et al. (2022) 
Oral Nirmatrelvir for High-Risk, Nonhospitalized Adults with Covid-19. N 
Engl J Med 386:1397-1408. 

11. Jayk Bernal A, Gomes da Silva MM, Musungaie DB, Kovalchuk E, 
Gonzalez A, et al. (2022) Molnupiravir for Oral Treatment of Covid-19 in 
Nonhospitalized Patients. N Engl J Med 386: 509-520.

12. Weinreich DM, Sivapalasingam S, Norton T, Ali S, Gao H, et al. (2021) 
REGEN-COV Antibody Combination and Outcomes in Outpatients with 
Covid-19. N Engl J Med 385: e81. 

13. Gupta A, Gonzalez-Rojas Y, Juarez E, Crespo Casal M, Moya J, et al. (2021) 
Early Treatment for Covid-19 with SARS-CoV-2 Neutralizing Antibody 
Sotrovimab. N Engl J Med 385: 1941-1950. 

14. Mitsushima S, Horiguchi H, Taniguchi K (2023) Drug effectiveness for 
COVID-19 inpatients inferred from Japanese medical claim data using 

https://doi.org/10.1080/22221751.2022.2155250
https://doi.org/10.1080/22221751.2022.2155250
https://doi.org/10.1080/22221751.2022.2155250
https://doi.org/10.1093/cid/ciab875
https://doi.org/10.1093/cid/ciab875
https://doi.org/10.1093/cid/ciab875
https://doi.org/10.1093/cid/ciab875
https://doi.org/10.1056/nejmoa2021436
https://doi.org/10.1056/nejmoa2021436
https://doi.org/10.3389/fphar.2022.742273
https://doi.org/10.3389/fphar.2022.742273
https://doi.org/10.3389/fphar.2022.742273
https://doi.org/10.1371/journal.pmed.1003820
https://doi.org/10.1371/journal.pmed.1003820
https://doi.org/10.1371/journal.pmed.1003820
https://doi.org/10.1016/s2213-2600(21)00331-3
https://doi.org/10.1016/s2213-2600(21)00331-3
https://doi.org/10.1016/s2213-2600(21)00331-3
https://doi.org/10.1016/s2213-2600(21)00331-3
https://doi.org/10.1056/nejmoa2030340
https://doi.org/10.1056/nejmoa2030340
https://doi.org/10.1056/nejmoa2030340
https://doi.org/10.1056/nejmoa2100433
https://doi.org/10.1056/nejmoa2100433
https://doi.org/10.1016/s0140-6736(22)01586-0
https://doi.org/10.1016/s0140-6736(22)01586-0
https://doi.org/10.1016/s0140-6736(22)01586-0
https://doi.org/10.1016/s0140-6736(22)01586-0
https://doi.org/10.1016/s0140-6736(22)01586-0
https://doi.org/10.1016/s0140-6736(22)01586-0
https://doi.org/10.1056/nejmoa2118542
https://doi.org/10.1056/nejmoa2118542
https://doi.org/10.1056/nejmoa2116044
https://doi.org/10.1056/nejmoa2116044
https://doi.org/10.1056/nejmoa2108163
https://doi.org/10.1056/nejmoa2108163
https://doi.org/10.1056/nejmoa2107934
https://doi.org/10.1056/nejmoa2107934
https://doi.org/10.12688/f1000research.131102.1
https://doi.org/10.12688/f1000research.131102.1


www. innovationinfo. org

08ISSN: 2581-7310

propensity score matching [version 1; peer review: 1 approved with 
reservations]. F1000Research 12: 398. 

15. Shingo M, Hiromasa H, Kiyosu T (2023) Effectiveness of drugs for 
COVID-19 inpatients in Japanese medical claim data as average 
treatment effects with inverse probability weighted regression 
adjustment: Retrospective observational study. medRxiv.

16. Ministry of Health, Labour and Welfare. Clinical Management of Patients 
with COVID-19 ver. 9.0. 

17. Ministry of Health, Labour and Welfare. Survey of Medical Institutions. 

18. Kanazawa N, Tani T, Imai S, Horiguchi H, Fushimi K, et al. (2022) Existing 
Data Sources for Clinical Epidemiology: Database of the National 
Hospital Organization in Japan. Clin Epidemiol 14: 689-698. 

19. The Cabinet Secretariat. Vaccination against SARS-CoV-2. 

20. A monitoring meeting in Tokyo. Conference material. 

21. NHK WORLD-JAPAN. Japan expands 4th coronavirus state of emergency 
as Delta variant drives surge in cases. 

22. Act on Securing Medical Care for the Elderly (2022). 

23. Ministry of Health, Labour and Welfare. Published database on the 
number of patients diagnosed as COVID-19 2023. 

24. Cattaneo MD (2010) Efficient semiparametric estimation of multi-
valued treatment effects under ignorability. Journal of Econometrics 
155: 138-154. 

25. Mitsushima S, Horiguchi H, Taniguchi K (2023) Risk of Underlying 
Diseases and Effectiveness of Drugs on COVID-19 Inpatients Assessed 
Using Medical Claims in Japan: Retrospective Observational Study. Int J 
Gen Med 16: 657-672.

Citation: Mitsushima S, Horiguchi H, Taniguchi K (2023) Shingo Mitsushima, Center for Field Epidemic Intelligence, Research and Professional Development, 
National Institute of Infectious Diseases, 1-23-1 Toyama, Shinjuku-ku, Tokyo, 162-8640, Japan. J Health Sci Dev Vol: 7, Issue: 1 (01-08).

https://doi.org/10.12688/f1000research.131102.1
https://doi.org/10.12688/f1000research.131102.1
https://doi.org/10.1101/2023.05.12.23289913
https://doi.org/10.1101/2023.05.12.23289913
https://doi.org/10.1101/2023.05.12.23289913
https://doi.org/10.1101/2023.05.12.23289913
https://www.mhlw.go.jp/content/000936655.pdf
https://www.mhlw.go.jp/content/000936655.pdf
https://www.mhlw.go.jp/toukei/saikin/hw/iryosd/20a/
https://doi.org/10.2147/clep.s359072
https://doi.org/10.2147/clep.s359072
https://doi.org/10.2147/clep.s359072
https://www.kantei.go.jp/jp/headline/kansensho/vaccine.html
https://www.bousai.metro.tokyo.lg.jp/taisaku/saigai/1013388/index.html
https://www3.nhk.or.jp/nhkworld/en/news/backstories/1729/index.html
https://www3.nhk.or.jp/nhkworld/en/news/backstories/1729/index.html
https://elaws.e-gov.go.jp/document?lawid=357AC0000000080
https://www.mhlw.go.jp/stf/covid-19/open-data.html
https://www.mhlw.go.jp/stf/covid-19/open-data.html
https://doi.org/10.1016/j.jeconom.2009.09.023
https://doi.org/10.1016/j.jeconom.2009.09.023
https://doi.org/10.1016/j.jeconom.2009.09.023
https://doi.org/10.2147/ijgm.s394413
https://doi.org/10.2147/ijgm.s394413
https://doi.org/10.2147/ijgm.s394413
https://doi.org/10.2147/ijgm.s394413

	Title
	Article Information

